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Tail dependence measurement in future market with Copula

SUN Guo-hua, SU Hong-liu, TANG Guo-giang
(College of Science, Guilin University of Technology, Guilin 541006, China)

Abstract; Copula provides a new concept to solve the relationship among the structure of random variables. By
choosing appropriate Copula function, the tail dependence of financial data can be measured well. Gumbel
Copula and Clayton Copula is selected from the Archimedean Copulas to measure the tail dependence of interna-
tional gold futures and silver futures respectively. The nonparametric estimation method is used to estimate pa-
rameters of Copula function. The result shows that the lower tail dependence is better than the upper tail de-

pendence.

Key words: Copula; tail dependence; nonparametric estimation; K-S test



