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Fig. 4  Flowing chart of GMDH neural network
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Fig. 5 Comparison of different prediction methods
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New Method for Deformation Prediction
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2. Key Laboratory of Modern Engineering Surveying, Shanghai 200092, China)

Abstract: A new method for deformation prediction ( GMDH NN) is put forward including short-term and long-

term prediction in deformation prediction. The prediction is compared with BP NN. The result indicates that

GMDH NN is a comparatively good prediction method, and has a wide application in deformation prediction.
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