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Hybrid clustering algorithm based on KNN and MCL

NIU Qin-zhou, CHEN Yan
(College of Information Science and Engineering, Guilin University of Technology, Guilin 541004, China)

Abstract : MCL is a graph clustering algorithm. With the characteristics of MCL computational process, MCL is

prone to producing small clustering and separating edge nodes from the groups. A hybrid clustering based on

MCL combined with KNN algorithm is proposed. Hybrid algorithm improves the quality of clustering by reclassi-

fication of elements in small clustering by KNN classification characteristics and clustering tables required by

MCL clustering. Experiments prove that this method is feasible and the improved algorithm can enhance the

quality of clustering.

Key words: MCL; clustering; KNN; small clustering; reclassification



